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Three decades of nearshore surveys 
reveal long‑term patterns in gray 
whale habitat use, distribution, 
and abundance in the Northern 
California Current
Dawn R. Barlow 1*, Craig S. Strong 2 & Leigh G. Torres 1

The nearshore waters of the Northern California Current support an important seasonal foraging 
ground for Pacific Coast Feeding Group (PCFG) gray whales. We examine gray whale distribution, 
habitat use, and abundance over 31 years (1992–2022) using standardized nearshore (< 5 km from 
shore) surveys spanning a large swath of the PCFG foraging range. Specifically, we generated density 
surface models, which incorporate detection probability into generalized additive models to assess 
environmental correlates of gray whale distribution and predict abundance over time. We illustrate 
the importance of coastal upwelling dynamics, whereby increased upwelling only yields higher gray 
whale density if interspersed with relaxation events, likely because this combination optimizes influx 
and retention of nutrients to support recruitment and aggregation of gray whale prey. Several habitat 
features influence gray whale distribution, including substrate, shelf width, prominent capes, and river 
estuaries. However, the influence of these features differs between regions, revealing heterogeneity in 
habitat preferences throughout the PCFG foraging range. Predicted gray whale abundance fluctuated 
throughout our study period, but without clear directional trends, unlike previous abundance 
estimates based on mark‑recapture models. This study highlights the value of long‑term monitoring, 
shedding light on the impacts of variable environmental conditions on an iconic nearshore marine 
predator.

Throughout the world, humans rely on coastal regions for shipping and commerce, fisheries, industrial develop-
ment, and increasingly for the development of marine renewable  energy1. Nearshore environments are therefore 
coupled social-ecological systems, at the intersection of human and biological  productivity2. Marine predator 
species shift their distribution in response to changing ocean conditions, integrating ecological processes across 
space, time, and trophic  levels3. For species that live for multiple decades, long-term monitoring is required to 
assess trends and identify ecological patterns across a broad range of environmental conditions, particularly for 
long-lived marine species inhabiting dynamic nearshore habitats.

The Northern California Current (NCC) is an eastern boundary current upwelling system that drives 
enhanced productivity and supports a diverse food web of ecologically and commercially important  species4. 
Dynamic oceanographic processes interact with static physical features, likely combining to create key habitat 
characteristics preferred by coastal predators. Predominant upwelling winds from the north in spring and sum-
mer advect nearshore surface waters offshore via Ekman transport, bringing nutrient-rich subsurface water 
into the photic zone through coastal upwelling. The nearshore region of the NCC (within ~ 5 km of  shore5) is 
further shaped by complex bathymetric features including sloping soft bottom substrate, rocky reefs, and kelp 
 forests6, creating a rich mosaic of habitat for numerous species of conservation interest, including invertebrates, 
fish, seabirds, and marine  mammals5. Additional nutrient influx is provided by the Columbia river plume and 
large estuarine tidal  flows7,8, and prominent cape features create areas of recirculation that retain nutrients 
and bolster recruitment of  plankton9. Prior research has elucidated how nearshore productivity is maximized 
when upwelling episodes are interspersed with periods of wind relaxation, which allows phytoplankton to fully 
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utilize the upwelled key nutrients in what is termed the “intermediate upwelling hypothesis”10. These relaxa-
tion events thereby enhance phytoplankton growth and support larval recruitment and aggregation of crucial 
forage  species10–13; however, the interactive effect of upwelling and relaxation on higher trophic level species in 
nearshore habitats remains poorly understood and largely untested.

At a larger scale, the NCC is also influenced by ocean basin-scale climate patterns. The Pacific decadal oscil-
lation (PDO) can dictate ~ 7–10 year periods of widespread warm or cool conditions throughout the region with 
consequences across trophic  levels14,15. Positive phases of the PDO are typically characterized by warmer coastal 
water temperatures, a more stratified water column, decreased rainfall, and reduced upwelling, whereas periods 
when PDO is in a negative phase are associated with cooler water temperatures. These phases have ecosystem-
wide impacts, with implications for upper trophic level predators; for example, negative PDO phases have been 
associated with enhanced salmon  productivity16 and reduced seabird nutritional stress in the eastern  pacific17. 
The El Niño southern oscillation (ENSO) is another large-scale climatic pattern with considerable influence in 
the NCC. Warm ENSO phases, known as El Niño events, are episodic influxes of warmer water resulting in a 
deeper thermocline and reduced primary productivity in the California Current  ecosystem18. How these multiple 
dynamic oceanographic processes interact with static habitat features to influence the distribution and abundance 
of nearshore predator species in the NCC over decadal time scales warrants further inquiry.

Gray whales (Eschrichtius robustus) are an iconic marine predator with a unique subgroup that relies on 
the dynamic nearshore waters of the NCC. In the northeast Pacific, most gray whales migrate between breed-
ing grounds in the lagoons of Baja California, Mexico, and foraging grounds in the Bering and Chukchi Seas, 
where they feed on energy-rich benthic amphipods during the  summer19,20. These whales comprise the Eastern 
North Pacific stock (ENP), which has made a marked recovery from commercial  whaling21 when the stock was 
depleted to less than 5,000  individuals22. Nevertheless, while ENP gray whales have rebounded to a high abun-
dance estimate of 28,790 (95% CI 23,620–39,210) in 2015, population size continues to fluctuate, with a most 
recent estimate of 14,526 (95% CI 13,195–16,040) individuals in  202323. Following the recovery from whaling, 
the inter-annual variability in ENP population dynamics has been attributed to prey availability and access to 
arctic foraging  grounds24. A subgroup of the ENP population shortens their northward migration to forage in the 
coastal waters between northern California, USA and northern British Columbia, Canada; this sub-group of 212 
individuals (SE = 17.9) is known as the Pacific Coast Feeding Group (PCFG)25. PCFG gray whales exhibit high 
inter- and intra-annual site fidelity to this nearshore NCC  ecosystem26 where they feed on a variety of inverte-
brate prey including mysid shrimp, crab larvae, amphipods, and cumaceans within a mosaic of habitat including 
rocky reefs, kelp, sand, boulder, and soft sediment  habitats27,28. In this study, we focus on the PCFG subgroup.

Investigating the influence of both fine-scale habitat drivers and broad-scale regional climate oscillations 
on PCFG gray whale distribution could elucidate how they are impacted by both local oceanographic patterns 
and large-scale environmental change. Climate change and recent marine heatwaves have severely impacted the 
 NCC29, with documented reductions in nearshore prey  availability30 and declining gray whale body  condition31,32 
that indicate population-level consequences of changing environmental conditions. Furthermore, PCFG gray 
whales are exposed to numerous anthropogenic threats throughout the nearshore waters of the NCC. Interac-
tions with vessels can lead to disruption of  foraging33, elevated stress hormone  levels34, or lethal and sub-lethal 
 strike35 and overlap with fishing activity can put them at risk of entanglement in fishing gear such as nets or  pots35. 
Therefore, improved understanding of their distribution and habitat use patterns is needed to inform subsequent 
assessments of anthropogenic impacts and shape management priorities accordingly.

While satellite tracking and photo-identification studies of PCFG gray whales have documented home ranges 
and high-use  areas26,36, no standardized, coast-wide analysis of PCFG gray whale distribution and abundance in 
relation to environmental correlates has been conducted. Oscillations in the population  dynamics24,37,38 and prey 
 availability20,39,40 of ENP gray whales relative to environmental variability have been documented; studies of the 
PCFG have revealed the influence of environmental variability on  health41,42 and fine-scale patterns in habitat 
use and prey  selection27,43–46. Thus, environmental variability influences many aspects of gray whale ecology and 
vital rates, but knowledge of how static and dynamic habitat characteristics drive PCFG gray whale abundance 
and distribution within their foraging range is lacking.

In this study, we examine gray whale distribution, habitat use, and abundance between 1992 and 2022 
(31 years), and spanning a large portion of the NCC where PCFG gray whales  forage47 between May and August. 
This analysis primarily reflects the ecological patterns of the PCFG, rather than the ENP that forage further north 
during this period: in May, most ENP gray whales are expected to have arrived on their arctic foraging  grounds48, 
and PCFG gray whales are known to already be present in the  NCC26. Nevertheless, we acknowledge the potential 
inclusion of some late-migrating ENP gray whales during the limited early-season survey effort in our study 
region. We generate density surface models using standardized line-transect survey data collected with distance 
sampling methodology, which incorporate distribution and habitat information to compute density estimates. 
These models enable us to examine the environmental correlates of gray whale habitat use and inter-annual 
fluctuations in gray whale abundance over the past three decades. This long-term, region-wide habitat analysis 
lays a foundation for understanding the potential impacts of environmental change on gray whales in the NCC, 
and can inform management efforts to reduce threats from multiple human activities in the nearshore realm.

Methods
Study area
Our survey area extends over a large swath of nearshore waters (< 5 km from shore) along the United States West 
Coast, between the Columbia River and San Francisco Bay (Fig. 1). This region encompasses three distinct biore-
gions of the California Current Large Marine  Ecosystem49 (Supplementary Materials, Fig. S1), including span-
ning the bioregional division north and south of Cape Blanco. This Cape Blanco landmark divides a moderate 
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upwelling regime along the primarily straight and sandy beaches to the north from strong upwelling centers and 
a more heterogeneous shoreline from Cape Blanco to Cape Mendocino to the  south50. Our survey area spans 
regions 1, 2, and 3, and gray whale encounter rate (Sect. "Field methods") was calculated across all three regions; 
however, density surface models were only constructed for regions 1 and 2 because gray whale detections in 
region 3 were too few to construct a robust model (see Sects. "Density surface modeling" and "Survey effort"). 
Areas of low gray whale encounter rates nevertheless provide useful information on the distribution and range 
limits of PCFG gray whales in the NCC.

Field methods
Field research was conducted with the initial objective of monitoring the at-sea abundance of Marbled Mur-
relets (Brachyrampus marmoratus), a seabird of conservation concern, and the sampling scheme was designed 
 accordingly51–54. Vessel-based surveys were conducted annually between May and August starting in 1992. The 
coastline was divided into primary sampling units (PSU), which are contiguous 20 km sections of coast parallel to 
the shore. Each PSU included four 5 km long “inshore” transect segments running parallel with the coast at four 
randomly selected distances < 1500 m from shore. Each PSU also included an “offshore” transect, conducted on 
a diagonal relative to shore from the inshore boundary out to 5 km (north of Coos Bay, Oregon) or 3 km (south 
of Coos Bay), with a randomized starting point (Supplementary materials, Fig. S2). The randomization of the 
starting points was established prior to each survey year. In addition to Marbled Murrelets, trained observers 
recorded all seabird and marine mammal sightings. In this study, we focus on gray whale observations only.

Surveys were conducted aboard a 21-foot Boston Whaler vessel following line-transect, distance sampling 
 methodology55. Two observers, one on the port and one on the starboard side of the vessel, scanned between the 
bow and 90° and − 90° respectively, while the vessel driver maintained a constant survey speed of 10 kt along the 
transect. Observation conditions, including Beaufort sea state (BSS) and a categorical metric of sightability (rang-
ing from poor to excellent), were recorded and updated continuously while on survey effort. At any gray whale 
sighting, the perpendicular distance to the trackline was visually estimated to the nearest meter and recorded 
along with the group size. Observers were trained in distance estimation at the start of each season with weekly 
calibration testing throughout each year of data collection. Survey methods and study design remained consistent 

Figure 1.  (A) Mean gray whale encounter rate (whales/kilometers surveyed) summarized by year, across all 
latitudes. (B) Mean gray whale encounter rate summarized by 1° latitude bin, across all years (note: color ramp 
visualized on a log scale, sigma = 0.005). White indicates times and locations with no survey effort. (C) Mean 
gray whale encounter rate summarized by year and 1° latitude bin. (D) Map of the study area, with region 
boundaries shown by the dashed lines, and major placenames denoted.
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throughout our study period, but survey coverage differed over time; notably, there was a shift to alternating 
northern and southern areas every other year beginning in 2014 (Fig. 1).

The encounter rate was calculated as the number of gray whale sightings per km of survey effort (n whales 
/ km surveyed). This metric was summarized in three different ways: by year across the full latitudinal range 
of the study area (37.8°N–46.2°N), by latitude across all years of the study, and by year and 0.1° latitude bin. 
Encounter rates provide a useful measure of overall gray whale sighting patterns while accounting for effort, and 
were computed across all three regions in our study area.

Density surface modeling
Detection function
Distance sampling methods use the perpendicular distances between the trackline traveled by the sampler (vessel) 
and observation (gray whale) to estimate the probability of detection at different distances from the trackline, 
using a detection function constructed from all distance  data55. We used the R package ‘Distance’56 to fit sev-
eral candidate detection functions. The truncation distance was set to the 98th percentile of the perpendicular 
distances, which removed the observations furthest from the trackline that would impact detection function fit 
while still retaining most of the distance data (Fig. 2). The candidate detection functions were fitted with either 
no covariates, or with BSS, sightability, or both, and each was tested with both a half-normal and hazard-rate 
key. Due to the low vessel speed, documented dive times and surfacing intervals of PCFG gray  whales57, and 
consistent survey methods throughout the study, we determined that accounting for the availability of gray whales 
at the surface was not necessary to include in our detection function (i.e., availability = 1). Candidate detection 
functions were compared using Akaike’s information criterion (AIC). Details on detection function fitting can 
be found in the Supplementary Materials (Fig. S5, Table S1). The detection function was used to estimate the 
effective strip width (ESW) under different covariate conditions. In subsequent model fitting, the corresponding 
ESW was applied to all survey segments according to the conditions at the time.

Environmental data
Gray whale distribution and abundance were modeled relative to static and dynamic environmental variables 
selected to describe the nearshore region of the NCC. In particular, variables assessed included features that 
may regulate nearshore productivity and retention of upwelled nutrients and thereby potentially influence gray 
whale foraging opportunities (Table 1, Supplementary Materials, Fig. S3).

All static environmental layers were computed at a 1 km spatial resolution. Bathymetric depth was obtained 
from the general bathymetric chart of the oceans (GEBCO, 15 arc-second resolution), and high-resolution 
coastline information was obtained from the Open Street Map dataset. These two datasets were used to gener-
ate continuous layers representing the depth, distance from shore, and shelf width, which was measured as the 
distance from the coast to the 200 m isobath. Additionally, prominent capes were identified by applying a 200 km 
continuous smooth to the high-resolution coastline, and locations where the distance between the smoothed and 
high-resolution coastline was > 5 km were labeled capes. Subsequently, a continuous layer representing distance 

Figure 2.  (A) Histogram of perpendicular distances from the vessel trackline to gray whale detections. The 
truncation distance at the 98th percentile is denoted by the black dotted line. (B) The effective strip width for 
detecting gray whales during different Beaufort sea state conditions.
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to the nearest cape was generated for the whole region, with negative values representing locations north of capes 
and positive values representing locations south of capes. The location and size of river estuaries were obtained 
from the Pacific Marine and Estuarine Fish Habitat Partnership Estuary Points dataset, which was subset to 
only include river estuaries > 300 hectares (includes most rivers but excludes small creeks); a continuous layer 
representing distance to the nearest estuary was generated across the study area. Benthic substrate was classified 
as either hard or soft based on multibeam sonar mapping conducted, processed, and provided by the Active 
Tectonics and Seafloor Mapping Lab at Oregon State University for Oregon waters, and the Seafloor Mapping 
Lab at California State University Monterey Bay for California waters.

Three dynamic environmental variables were examined: sea surface temperature (SST), coastal upwelling, 
and relaxation. Daily SST data were downloaded from the optimal interpolation SST (OISST, 0.25° resolution) 
product, which incorporates observations from different platforms (satellites, ships, buoys, and Argo floats) into 
a regular grid, and spans the full temporal and spatial range of our study. Coastal upwelling and relaxation were 
obtained from the daily Coastal Upwelling Transport Index (CUTI, 1° latitude bins), which estimates vertical flux 
off the United States West Coast using regional sea surface height, surface wind stress, and mixed layer depth via 
regional ocean  reanalysis58. After a 10-day smoothing filter was applied to the daily CUTI values to reduce the 
influence of anomalous spikes following previously established  methods59, a daily cumulative upwelling index 
was generated for each 1° latitude bin. The cumulative CUTI was used to identify the upwelling season as the 
period between spring transition index and the end of the upwelling season, following previously established 
upwelling phenological  definitions4. Cumulative CUTI was then re-calculated beginning at the spring transition 
index for subsequent analysis. The mean daily CUTI within the upwelling season was then calculated across 
the entire study period for each latitude bin, and “relaxation events” were defined as days when the daily CUTI 
value fell below the mean CUTI during the upwelling season for that latitude bin. Finally, cumulative relaxation 
was calculated for each day as the cumulative sum of the number of days classified as relaxation events since 
the spring transition.

Observation conditions and the total number of gray whales were aggregated by survey segment. Environ-
mental data were then extracted at the centroid location of each survey segment for all static layers and SST; 
cumulative CUTI and cumulative relaxation were assigned to segments by date and latitude bin. While inshore 
segments were 5 km in length, the offshore segments varied in length due to the sampling scheme; segment 
length was accounted for in model fitting.

Our study area spanned parts of three established bioregions of the California Current Large Marine 
 Ecosystem49 (Supplementary Materials, Fig. S1). We fit spatial models separately for each region to account for 
documented regional oceanographic differences that may influence gray whale habitat use and foraging patterns 
in distinct ways.

Spatial model fitting
Density surface models (DSM) are an approach for obtaining spatially explicit species abundance and density 
estimates, by spatially modeling species occurrence patterns while correcting for detection probability under 
different observation  conditions60. DSMs consist of a two-stage modeling process. Once the detection function 
is fit to the distance sampling data, a spatial model is constructed using species count per survey segment as the 
response variable, correcting for the ESW of each segment as an offset. The spatial component of the DSMs were 
fit for each region using generalized additive models (GAM), which are semi-parametric regression models that 
can account for non-linear relationships between predictor and response variables using smoothing  functions61. 

Table 1.  Static and dynamic environmental covariates included in the gray whale density surface models, 
along with the source of the data and relevant information on how the metrics were computed from the data.

Metric Description Source

Depth Bathymetric depth (m) GEBCO bathymetry

Distance to coast Distance to coastline (km) Open Street Map high resolution coastline

Shelf width Distance from the coast to the 200 m isobath (km) GEBCO bathymetry, Open Street Map high resolution coastline; single 
distance value per latitude applied across longitudes

Distance to cape Distance and direction to the nearest prominent cape (km)
Distance to the nearest prominent cape; positive values indicate location is 
south of cape. Cape locations defined as coasline features that differ > 5 km 
from a 200 m smoothed coastline (high resolution coastline from Open 
Street Map)

Distance to estuary Distance to nearest riverine estuary > 300 hectares (km) Pacific Marine and Estuarine Fish Habitat Partnership

Substrate Hard or soft benthic substrate
Active Tectonics and Seafloor Mapping Lab, Oregon State University 
(Oregon), and Seafloor Mapping Lab, California State University Monterey 
Bay (California)

SST Sea surface temperature (°C) Optimal Interpolation SST (0.25 degree resolution), downloaded from 
ERDDAP

Cumulative CUTI Daily cumulative upwelling index since the spring transition Cumulative daily smoothed CUTI since the spring transition index, calcu-
lated following Bograd et al. (2009)

Cumulative relaxation Cumulative number of days where the daily upwelling index value falls 
below the “relaxation event” threshold

Relaxation events are defined as days when the CUTI value falls below the 
mean CUTI during the upwelling season (spring transition through end of 
upwelling). The relaxation threshold is computed separately for each latitude 
bin, and the mean is calculated across the full study period (1992–2022)
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For each region, a GAM was fit with a quasi-Poisson distribution and a log link function. The response variable 
was the number of gray whales observed per survey segment, and predictor variables included smoothed terms 
for depth, distance to coast, shelf width, distance to cape, distance to river estuary, and SST. Distance to cape 
was not included for region 1, where few prominent capes exist, and the inclusion of this term creates spurious 
ecological inferences. Substrate was included as a parametric term (categorized as either hard or soft based on 
the predominant value of each survey segment). Additionally, we included a smoothed interaction term between 
cumulative CUTI and cumulative relaxation. All smoothed terms were fitted with a restricted maximum likeli-
hood (REML) smoothing parameter estimation method. To reduce model overfitting, smoothed terms were 
restricted by setting the number of knots used for basis construction, which effectively control the degree of 
smoothing allowed, to k = 5, and the smoothed interaction term between cumulative CUTI and cumulative 
relaxation was set to k = 15. Variable selection was conducted with a shrinkage approach implemented, which 
adds an extra penalty to each smoother and penalizes non-significant variables to  zero62. DSM model fit was 
evaluated using percent deviance explained and by visualizing quantile plots and the distribution of the residu-
als, as well as by comparing predicted abundances to the raw encounter rate data. All DSMs were implemented 
in the ‘dsm’ package in  R63.

Assessment of long‑term patterns in gray whale abundance
The DSMs were used to predict daily gray whale abundance across a 5 km grid generated between the coast-
line and 5 km from shore. Daily predictions were produced between 15 May and 30 August of each year for 
each region, which reflects both the timeframe when surveys were conducted and when PCFG gray whales are 
expected to be on their foraging  grounds48; we recognize that gray whales likely move within and outside of our 
study area during this time. The daily scale for prediction was chosen to capture the temporal variability in our 
dynamic predictor variables of interest (SST, upwelling, and relaxation). Given that survey effort was variable 
between years across the study area, including gaps in effort for some areas in certain years (Fig. S4), we took 
steps to mitigate the potential impact of predicting gray whale abundance for times or locations not repre-
sented in the training data. As predictions to periods with non-analogous conditions in the model training data 
(i.e., environmental conditions never measured during surveys) can lead to unrealistic  results64, days with high 
extrapolation by the dynamic predictor variables (SST, cumulative CUTI, cumulative relaxation) were removed 
from further analysis. This was done using the extrapolation detection (ExDet) tool in the R package ‘dsmextra’65, 
by removing days containing grid cells with ExDet > 1.15 or < − 0.15. After extrapolated days were removed, the 
mean gray whale abundance was calculated for each grid cell across all predictions and mapped spatially, along 
with the corresponding uncertainty (coefficient of variation, CV), to identify long-term hotspots in gray whale 
abundance throughout the entire study area and period.

Daily predicted gray whale abundance was summed across each region, producing a regional daily abun-
dance estimate. These daily predictions were visualized to investigate seasonal patterns in predicted gray whale 
abundance within the survey period for each year. Then, the mean predicted daily abundance and associated 
uncertainty was calculated for each study year to obtain a single abundance estimate per year, enabling us to 
examine long-term inter-annual fluctuations in gray whale abundance for each region. These annual predicted 
abundances were compared to the annual abundance estimates produced for PCFG gray whales using mark-
recapture abundance modeling with individual photo-identification  data25.

Predicted annual gray whale abundance was compared to long-term, ocean basin-scale oscillations, namely 
the PDO and the Multivariate ENSO Index (MEI). The timeseries of gray whale abundance in each region were 
visually compared to the PDO and MEI timeseries. Then, both PDO and MEI were summarized during the spring 
(February-May) and summer (May–August) periods of each year of the study, and timeseries cross-correlations 
were conducted using the ‘stats’ package in R to assess whether lagged relationships between these ocean basin-
scale patterns and gray whale abundance in each region occurred (up to 10-year lagged relationships).

Linear regression models were run to examine the relationship between gray whale abundance and mean 
spring and summer PDO and MEI at the time lag determined to be most significant by the timeseries cross-
correlations. Finally, we assessed the relationship between gray whale abundance and variability in PDO and MEI 
over the preceding 1–5 years (measured using standard deviation, sd), and likewise assessed the significance of 
the relationship using linear regression models. All analyses were conducted in R version 3.6.166.

Results
Survey effort
Between 1992 and 2022, the completed transect segments comprised 55,346.2 km of survey effort. Effort varied 
between years, particularly since 2014 when the survey design shifted to alternating between northern and 
southern areas every other year. However, across the full study period, survey effort was comprehensive and 
generally consistent (Supplementary Materials, Fig. S4).

The survey dataset contained 647 gray whale observations, totaling 792 individuals. Encounter rate varied 
across years and latitude, with coastal areas off Newport, Cape Blanco, and the Klamath River emerging as areas 
of consistent high encounter rates despite inter-annual fluctuations across the study area (Fig. 1). Observations 
from all regions were used to fit the detection function; however, very low gray whale encounter rates in region 
3 (Fig. 1) meant that it was not possible to generate a robust DSM for region 3. Therefore, the DSMs and all 
subsequent analyses were limited to regions 1 and 2, spanning between the Columbia River to the north and 
Cape Mendocino to the south.
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Density surface models
Of the 647 gray whale observations, 528 had associated distance estimates, and were used to fit the detection 
function (i.e., there were 119 instances where observers did not record distance in the field; these observations 
were not included in the construction of the detection function, but were included in the DSMs). The truncation 
distance (98th percentile) was set to 1000 m. The selected detection function was fitted with a half-normal key 
and included BSS as a covariate (Table S1, Fig. S5). The ESW ranged between 323 and 530 m, depending on BSS 
conditions (Fig. 2, Table S1). No gray whale observations were made in BSS 4 or above; survey segments with 
BSS 4 were therefore removed as the detection function could not be applied to estimate the ESW. It should be 
noted, however, that only 0.68% of survey segments took place in BSS 4.

The DSM for region 1 had a deviance explained of 17.8%. Significant predictors in the model included distance 
to coast, shelf width, benthic substrate, SST, and the interaction between cumulative CUTI and cumulative relaxa-
tion (Table 2). Higher gray whale abundances were associated with nearshore waters, greater shelf width, hard 
bottom substrate, and warmer SST. The highly significant interactive effect of cumulative CUTI and cumulative 
relaxation revealed an optimal combination whereby increased cumulative CUTI only had a positive effect on 
gray whale abundance if it coincided with greater cumulative relaxation (Fig. 3).

The DSM for region 2 had a deviance explained of 23.4%. Significant predictors included shelf width, dis-
tance to cape, distance to estuary, SST, and the interaction between cumulative CUTI and cumulative relaxation 
(Table 2). Higher gray whale abundances were associated with greater shelf width, areas near estuaries and slightly 
south of prominent capes, and warmer SST. The interactive effect between cumulative CUTI and cumulative 
relaxation revealed an optimal combination of moderate upwelling and moderate relaxation, with very high 
cumulative CUTI or relaxation leading to lower gray whale abundance (Fig. 3).

Gray whale abundance over time
The mean gray whale abundance map across the full study period revealed consistent abundance hotspots off 
the mouth of the Klamath River, near Cape Blanco, and in the nearshore waters extending north and south of 
Newport (Fig. 4). Areas with high encounter rates observed in the raw survey data (Fig. 1c) were in general 
agreement with areas of high abundance predicted by the models (Fig. 4a).

Daily predicted abundances across each region showed some seasonal variation within each year, particu-
larly earlier in the season (Supplementary Materials, Fig. S7). The mean annual predicted abundances did show 
inter-annual variability (Fig. 5), which was at times coincident and at other times divergent between regions 
(Fig. 6). The total abundance across the entire study area likewise showed inter-annual variability, however, no 
apparent long-term increasing or decreasing trends in abundance were evident. This result stands in contrast 
to the abundance estimates computed using mark-recapture models from photo-identification data across the 
entire PCFG range between northern California and northern British Columbia (41°N–52°N)25, which show 
a generally increasing trend since 1998 when estimates started, followed by a decrease in recent years (Fig. 5). 
Both studies showed maxima in abundance between 2014 and 2016 (Fig. 5).

While no clear or significant relationship was evident between predicted gray whale abundance and ocean 
basin-scale climate oscillations in region 1 (Fig. 6; Supplementary Materials, Fig. S8), predicted annual abundance 
in region 2 was most correlated with spring PDO and MEI within the same year (Supplementary Materials, 
Fig. S8), displaying a significant positive linear relationship for both PDO  (R2 = 0.328,  F(1,29) = 14.17, p < 0.001) 
and MEI  (R2 = 0.192,  F(1,29) = 6.925, p = 0.013) (Fig. 6). There was also a significant positive relationship between 
predicted abundance and sd(PDO) over the preceding three years for region 2  (R2 = 0.171,  F(1,29) = 6.003, p = 0.020; 
Fig. 6; Supplementary Materials, Fig. S9, Table S2).

Discussion
We present the first region-wide gray whale habitat models and corresponding abundance estimates for PCFG 
gray whales between the Columbia River, Oregon, and Cape Mendocino, California. Our results indicate mul-
tiple long-term, stable hotspots of gray whale habitat (Fig. 4), which can be predicted by certain static physical 

Table 2.  Gray whale density surface model performance metrics and predictor variable contribution for 
region 1 and region 2. Overall model performance is measured by the deviance explained. Significant predictor 
variables are denoted by the asterisks (*) associated with their p-value in the model, with the number of 
asterisks denoting the significance level.

Metric Region 1 Region 2

Deviance explained 17.8% 23.4%

Predictor variable significance in model (p-value)

s(depth) 0.102 0.204

s(distance to coast) 0.006 ** 0.115

s(shelf width) 1.32 ×  10–5 *** 1.12 ×  10–8***

s(distance to cape) N/A 0.010 *

s(distance to estuary) 0.050 2.50 ×  10–7 ***

Substrate 2.81 ×  10–12 *** 0.709

s(SST) 0.003 ** 2.40 ×  10–5 ***

s(cumulative CUTI, cumulative relaxation) 1.59 ×  10–11 *** 4.21 ×  10–5 ***
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features such as rocky reefs and prominent capes (Fig. 3). Despite these areas of consistent gray whale habitat, 
PCFG gray whale abundance has fluctuated over the past three decades, with diverging patterns between regions 
of the NCC (Fig. 6). The dynamic interactive effect of upwelling and relaxation was a strong predictor of gray 
whale abundance and may therefore be a critical driver of distribution patterns, likely due to their combined 
role in influencing gray whale foraging opportunities in the nearshore NCC through a crucial combination of 
“enough but not too much” upwelling or relaxation to enable optimal recruitment and retention of their inver-
tebrate prey. Unraveling these relationships between both static and dynamic environmental drivers and gray 
whale distribution and abundance over the past three decades not only sheds new light on the ecology of the 
PCFG, but also lays a foundation for understanding what the future might hold for the nearshore waters of the 
NCC as the ecosystem contends with impacts global climate  change67 and multiple anthropogenic  pressures1.

All our DSMs examining the functional relationships between gray whale distribution patterns and habitat 
features incorporate the probability of detecting gray whales given the observation conditions at the time. We 
note that this is the first detection function for gray whales to our knowledge, which can be applied to other 
surveys conducted in comparable small research vessels. In both region 1 and region 2, the models revealed a 
positive relationship between gray whale abundance and shelf width (Fig. 3, Table 2). Areas where this distance 
is greater represent relatively shallow banks extending further offshore, which can generate countercurrents that 
recirculate water toward the coast, creating areas of locally elevated primary  productivity68,69. Distance to capes 
was significant the region 2 models, likely because prominent capes are physical structures along windy coastlines 
that impact current circulation, and the lee of cape and headland features tend to be areas of enhanced plankton 
recruitment and  settlement9,70. Notably, region 2 is characterized by the very prominent Cape Blanco, which is 
a long-term gray whale abundance hotspot (Fig. 4).

In region 1, hard bottom substrate had a strong positive relationship with gray whale abundance, despite 
comprising only 5.29% of the benthos across the region. Much of the hard bottom substrate in region 1 occurs in 
the Newport area (Supplementary Materials, Fig. S3), an apparent hotspot revealed in both the encounter rates 
(Fig. 1) and model predictions (Fig. 4). Rocky reefs support kelp forests that aggregate epibenthic zooplank-
ton, and gray whales are known to feed in this habitat along the Oregon  Coast46. Interestingly, region 2 had no 

Figure 3.  Partial response plots illustrating the functional relationships identified by the density surface models 
for region 1 (green) and region 2 (blue). (A–F) functional response curves for smoothed predictor variables. 
(G) functional response for categorical predictor variable. (H) functional response for the interactive effect 
of cumulative CUTI and cumulative relaxation in region 1, with light green coloration representing a strong 
positive partial effect and dark green representing a strong negative partial effect. (I) functional response for 
the interactive effect of cumulative CUTI and cumulative relaxation in region 2, with light blue coloration 
representing a strong positive partial effect and dark blue representing a strong negative partial effect. In H and 
I, areas with no color represent environmental conditions that did not occur in the dataset.
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significant influence of substrate type, yet distance to estuary was significant. Riverine estuaries are known to 
play a key role in nutrient cycling in the coastal NCC, with a stronger influence in areas with fewer large coastal 
watersheds such as region 2 in our study  area7. Notably, region 2 showed consistent use of waters near the mouth 
of the Klamath River, corroborating other studies documenting gray whales using this area for benthic foraging 
in soft sediment  habitat28,71,72. Taken together, these patterns emphasize the importance of static habitat features 
(i.e., benthic substrate, shelf width, capes, and estuaries) that influence nearshore retention and recirculation 
dynamics that enhance nearshore productivity, which in turn yield gray whale foraging opportunities in the NCC.

The interaction between upwelling and relaxation was a significant predictor of gray whale abundance, with 
a particularly strong effect in region 1 (Fig. 3, Table 2). The functional relationship revealed that more upwelling 
alone is not necessarily better; rather, an intermediate combination of upwelling accumulation in association with 
sufficient relaxation events was most beneficial. This pattern supports the intermediate upwelling hypothesis, 
which posits that input and retention of key nutrients is facilitated by the alternation of upwelling and relaxation 
 periods10. This concept has been illustrated in pelagic environments, whereby variability in upwelling-favorable 
wind facilitates phytoplankton growth, increased zooplankton biomass, and fish  recruitment11,73. Furthermore, 
pulsed upwelling events spur the aggregation of key prey species such as krill and forage  fish13. Here, we illustrate 
that intermediate upwelling is likewise crucial in nearshore waters of the NCC during the spring and summer 
to facilitate foraging on epibenthic invertebrate prey by a large marine predator, the gray whale. These findings 
align with a recent study that investigated the environmental drivers of the zooplankton prey of PCFG gray 
whales, which also found that upwelling and relaxation are both needed, further supporting the intermediate 
upwelling  hypothesis74. The significant positive relationship between gray whale abundance and SST is at first 
counterintuitive; however, elevated SST on a daily timescale may be a secondary signal of relaxation, lending 
further evidence to the importance of intermittent upwelling and relaxation for nearshore retention and gray 
whale foraging. It should also be noted that the importance of relaxation is stronger in region 1; given the lack 
of prominent capes along Oregon’s central and northern coastline (Supplementary Materials, Fig. S3), this may 

Figure 4.  (A) Mean predicted gray whale abundance per 1° latitude bin across the entire study period 
(1992–2022). (B) Mean predicted daily gray whale abundance per 5 km grid cell, illustrating fine-scale spatial 
predictions produced by the density surface models for each region. Note that the color ramp is visualized 
on a log scale (sigma = 0.1), but true predicted abundance values are displayed. Geographic reference points 
are denoted in black text. Density surface models were fit and predicted separately for region 1 and region 2, 
denoted by the dashed black lines. (C) Mean associated uncertainty (coefficient of variation, CV) per 5 km grid 
cell across the entire study period.
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indicate that relaxation is even more important for retention of upwelled nutrients in areas where there are no 
prominent capes to drive local recirculation during upwelling conditions.

Predicted PCFG gray whale abundance varied inter-annually, and the fluctuations in abundance were often 
asynchronous between region 1 and region 2 (Fig. 6). However, the variability in the combined abundance 
estimates produced by our regional DSMs was much less than the variability in mark-recapture abundance 
estimates produced from individual photo-identification data across a larger study  extent25, which generally 
show a strong increase between 1996 and 2015, followed by a decreasing trend in recent years (Fig. 5). The lower 
abundance estimate from the DSMs was expected because our study region does not cover the full PCFG range 
as  does25. Therefore, it is unsurprising that the absolute abundance estimates differ. The inter-annual trends in 
abundance estimates derived by the mark-recapture approach that are not reflected in our DSM abundance 
estimates could be attributed to occupancy fluctuations in the portion of the PCFG range not assessed in our 
study that extends north from the Columbia River to Vancouver Island, Canada. However, this explanation alone 
seems unlikely, considering the magnitude of the difference in the patterns, and given that individual gray whales 
move throughout the study area over the course of each survey  year36. Photo-identification data collection for 
the mark-recapture analysis is more spatially and temporally variable from one year to the next across the PCFG 
range, with spatially and temporally discrete pockets in photo sampling  effort25, compared to the standardized 
nearshore survey effort underpinning this study (Supplementary Materials, Fig. S4). While the mark-recapture 
abundance estimates may be better able to capture changes in recruitment to the PCFG (whether via calf produc-
tion or recruitment from the broader ENP population), and movement of individuals, this approach is sensitive to 
unequal sampling effort and does not take into account changes in habitat. In contrast, DSM abundance estimates 
do not account for site fidelity of individuals, but are meant to reflect the capacity of the habitat to support the 
population in a particular place and time, and how habitat quality varies throughout their range and between 
years (it should be acknowledged, however, that they do not consider changes in habitat preferences over time). 
Therefore, the two methods provide estimates of annual gray whale abundance throughout the PCFG range that 
differ, due to fundamental differences in the methodological approaches, both worthy of consideration when 
evaluating population dynamics.

Our study period spanned both positive and negative phases of the PDO and ENSO (Fig. 6), enabling us to 
explore potential relationships between gray whale abundance and these broad-scale patterns. In the nearshore 
environment, ocean basin-scale oscillations are known to impact different species in complex ways, likely medi-
ated by key differences in  foraging14,75. PCFG gray whales show different feeding behaviors and preferred prey 
items across their  range27,28,45, and we observed contrasting patterns in the relationship between gray whale 
abundance and ocean basin-scale oscillations between regions (Fig. 6). In region 2, particularly in the high-use 
area near the mouth of the Klamath River, gray whales have been documented feeding benthically on inverte-
brate prey such as cumaceans and amphipods in soft bottom  sediment28,71,76. The positive relationship between 
gray whale abundance and both MEI and PDO, and particularly the positive relationship between gray whale 
abundance and sd(PDO) in region 2 (Fig. 6), corroborate what has been found for other benthic predators in 
the California Current. Namely, kelp greenling (Hexagrammos decagrammus) growth is greatest when ocean 

Figure 5.  (A) Annual mean of the daily predicted abundance estimates summed across regions 1 and 2 of our 
study area between the Columbia River and Cape Mendocino (40° N–46.2° N) in black, annual abundance 
estimates for the entire PCFG range based on a mark-recapture model built with photo-identification data 
across the entire PCFG range between northern California and northern British Columbia (41° N–52° N)25 in 
gray. Confidence intervals shown by the bars represent the standard error around annual estimates. (B) Annual 
encounter rate (number of gray whales/km surveyed) summarized across regions 1 and 2 for each year.
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temperatures oscillate between cold conditions, which maximize recruitment of benthic invertebrate prey, and 
warm conditions, which maximize prey  growth14. In region 1, gray whales are known to feed regularly on epi-
benthic or pelagic zooplankton, such as mysids, that aggregate in the water column around rocky reefs and kelp 
 beds30,46,77,78. For black rockfish (Sebastes melanops), another nearshore predator that feeds in the water column 
around rocky reefs in the California Current, growth was maximized under cool ocean basin-scale conditions 
(e.g., negative PDO). We did not observe a relationship between cool ocean basin-scale temperatures and elevated 
gray whale abundance in region 1. Nonetheless, these possible differences in target prey types and their associated 
life histories may partially explain why the relationships between gray whale abundance and ocean basin-scale 
oscillations differed between regions (Fig. 6). Additionally, it is possible that PCFG gray whale distribution is 
compressed during warm ocean basin-scale conditions, or that they may face increased competition with other 
nearshore predators during cool conditions. The PCFG foraging grounds span a large latitudinal range, covering 
a diversity of habitat characteristics and prey types. These features likely relate to individual foraging strategies, 
site fidelity, and movement patterns among PCFG gray whales, with implications for how variability in envi-
ronmental conditions and prey availability will impact PCFG gray whales in different portions of their range.

The future of eastern boundary current upwelling ecosystems such as the NCC is uncertain, as global climate 
change is anticipated to drive physical changes in the regional oceanography. Namely, alongshore winds may 
increase, yielding increased coastal  upwelling79,80. However, a poleward shift in these upwelling systems will 
likely lead to long-term changes in the intensity, location, and seasonality of upwelling-favorable winds, with 
intensification in poleward regions but weakening in equatorward  areas81. Another projected change is stronger 
temperature gradients between inshore and offshore areas, and vertically within the water  column67. What 
these opposing physical forces will mean for primary productivity and species community structure remains 
to be seen. In the case of gray whales that rely on nearshore foraging grounds in the NCC, the intensification 
of upwelling in northern regions may threaten the delicate balance of upwelling and relaxation that provides 
predictable and accessible prey aggregated near shore. Gray whales will be forced to contend with these environ-
mental changes alongside existing anthropogenic pressures they face in nearshore waters from human impacts 
such as vessel  disturbance33, entanglement and vessel strike  risk35, and ocean  noise34. Multiple stressors impact 
the health of PCFG gray  whales82, emphasizing the need to assess cumulative effects of both environmental and 

Figure 6.  (A) Annual mean of the daily predicted gray whale abundance estimates for region 1 (green) and 
region 2 (blue). (B) Pacific decadal oscillation (PDO) index values across the study period. (C) Multivariate 
ENSO index (MEI) values across the study period. (D) Linear relationships between predicted annual gray 
whale abundance and spring PDO in region 1 (green) and region 2 (blue). (E) Linear relationships between 
predicted annual gray whale abundance and spring MEI in region 1 (green) and region 2 (blue). (F) Linear 
relationships between predicted annual gray whale abundance and sd(PDO) over the preceding three years in 
region 1 (green) and region 2 (blue). (G) Linear relationships between predicted annual gray whale abundance 
and sd(MEI) over the preceding three years in region 1 (green) and region 2 (blue).
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anthropogenic impacts on their foraging grounds to inform management decisions. Continued, long-term data 
collection can provide valuable context for understanding past and present patterns, and guiding conservation 
efforts into the future.

Data availability
The datasets used in this study are available from the corresponding author upon reasonable request.

Received: 2 November 2023; Accepted: 11 April 2024

References
 1. Jouffray, J.-B., Blasiak, R., Norström, A. V., Österblom, H. & Nyström, M. The blue acceleration: The trajectory of human expansion 

into the ocean. One Earth 2, 43–54 (2020).
 2. Sjostrom, A. J. C., Ciannelli, L., Conway, F. & Wakefield, W. W. Gathering local ecological knowledge to augment scientific and 

management understanding of a living coastal resource: The case of Oregon’s nearshore groundfish trawl fishery. Mar. Policy 131, 
104617 (2021).

 3. Croll, D. A. et al. An integrated approach to the foraging ecology of marine birds and mammals. Deep. Res. II(45), 1353–1371 
(1998).

 4. Bograd, S. J. et al. Phenology of coastal upwelling in the California current. Geophys. Res. Lett. 36, 1–5 (2009).
 5. Oregon Department of Fish and Wildlife. Oregon Nearshore Strategy. https:// orego ncons ervat ionst rategy. org/ oregon- nears hore- 

strat egy/ (2016).
 6. Romsos, G. et al. Development of a regional seafloor surficial geologic habitat map for the continental margins of Oregon and 

Washington, USA. Mapp. Seafloor Habitat Charact. Geol. Assoc. Canada, Spec. Pap. 219–243 (2007).
 7. Bidlack, A. L. et al. Climate-mediated changes to linked terrestrial and marine ecosystems across the Northeast Pacific coastal 

temperate rainforest margin. Bioscience 71, 581–595 (2021).
 8. Hickey, B. M. & Banas, N. S. Why is the Northern End of the California current system so productive?. Oceanography 21, 90–107 

(2008).
 9. Morgan, S. G., Fisher, J. L. & Largier, J. L. Larval retention, entrainment, and accumulation in the lee of a small headland: Recruit-

ment hotspots along windy coasts. Limnol. Oceanogr. 56, 161–178 (2011).
 10. Menge, B. A. & Menge, D. N. L. Dynamics of coastal meta-ecosystems: the intermittent upwelling hypothesis and a test in rocky 

intertidal regions. Ecol. Monogr. 83, 283–310 (2013).
 11. Botsford, L. W., Lawrence, C. A., Dever, E. P., Hastings, A. & Largier, J. Effects of variable winds on biological productivity on 

continental shelves in coastal upwelling systems. Deep Res. Part II Top. Stud. Oceanogr. 53, 3116–3140 (2006).
 12. Barth, J. A. et al. Delayed upwelling alters nearshore coastal ocean ecosystems in the northern California current. Proc. Natl. Acad. 

Sci. 104, 3719–3724 (2007).
 13. Benoit-Bird, K. J., Waluk, C. M. & Ryan, J. P. Forage species swarm in response to coastal upwelling. Geophys. Res. Lett. 46, 

1537–1546 (2019).
 14. von Biela, V. R. et al. Influence of basin- and local-scale environmental conditions on nearshore production in the Northeast Pacific 

Ocean influence of basin- and local-scale environmental conditions on nearshore production in the Northeast Pacific Ocean. Mar. 
Coast. Fish. 8, 502–521 (2016).

 15. Peterson, W. T. et al. The pelagic ecosystem in the Northern California current off oregon during the 2014–2016 warm anomalies 
within the context of the past 20 years. J. Geophys. Res. Ocean 122, 7267–7290 (2017).

 16. Mantua, N. J., Hare, S. R., Zhang, Y., Wallace, J. M. & Francis, R. C. A Pacific interdecadal climate oscillation with impacts on 
salmon production. Bull. Am. Meteorol. Soc. 78, 1069–1080 (1997).

 17. Shimabukuro, U. et al. Across the North Pacific, dietary-induced stress of breeding rhinoceros auklets increases with high summer 
Pacific Decadal oscillation index. Mar. Ecol. Prog. Ser. 708, 177–189 (2023).

 18. King, J. R. et al. Climate forcing and the California current ecosystem. ICES J. Mar. Sci. 68, 1199–1216 (2011).
 19. Moore, S. E., Grebmeier, J. M. & Davies, J. R. Gray whale distribution relative to forage habitat in the northern Bering Sea: Current 

conditions and retrospective summary. Can. J. Zool. 81, 734–742 (2003).
 20. Brower, A. A., Ferguson, M. C., Schonberg, S. V., Jewett, S. C. & Clarke, J. T. Gray whale distribution relative to benthic invertebrate 

biomass and abundance: Northeastern Chukchi Sea 2009–2012. Deep Res. Part II Top. Stud. Oceanogr. 144, 156–174 (2017).
 21. Laake, J. L. et al. Gray whale southbound migration surveys 1967–2006: An integrated re-analysis. J. Cetacean Res. Manag. 12, 

287–306 (2012).
 22. Punt, A. E., Allison, C. & Fay, G. An examination of assessment models for the eastern North Pacific gray whale based on inertial 

dynamics. J. Cetacean Res. Manag. 6, 121–132 (2004).
 23. Eguchi, T., Lang, A. R. & Weller, D. W. Abundance of eastern North Pacific gray whales 2022/2023 (2023). Doi: https:// doi. org/ 10. 

25923/ n10e- bm23.
 24. Stewart, J. D. et al. Boom-bust cycles in gray whales associated with dynamic and changing Arctic conditions. Science (80-) 382, 

207–211 (2023).
 25. Harris, J., Calambokidis, J., Perez, A. & Mahoney, P. J. Recent trends in the abundance of seasonal gray whales (Eschrichtius robustus) 

in the Pacific Northwest, 1996–2020. AFSC Processed Report 2022–05 (2022).
 26. Calambokidis, J., Pérez, A. & Laake, J. Updated analysis of abundance and population structure of seasonal gray whales in the Pacific 

Northwest, 1996–2017. Final report to the National Marine Fisheries Service http:// www. casca diare search. org/ files/ publi catio ns/ 
Gray_ whale_ abund ance_ 2017- Rev. pdf (2019).

 27. Hildebrand, L., Bernard, K. S. & Torres, L. G. Do gray whales count calories? Comparing energetic values of gray whale prey across 
two different feeding grounds in the eastern North Pacific. Front. Mar. Sci. https:// doi. org/ 10. 3389/ fmars. 2021. 683634 (2021).

 28. Jenkinson, R. S. Gray whale (Eschrichtius robustus) prey availability and feeding ecology in Northern California, 1999–2000 (Hum-
boldt State University, 2001).

 29. Cavole, L. M. et al. Biological impacts of the 2013–2015 warm-water anomaly in the northeast Pacific: Winners, losers, and the 
future. Oceanography 29, 273–285 (2016).

 30. Hildebrand, L., Derville, S., Hildebrand, I. & Torres, L. G. Exploring indirect effects of a classic trophic cascade between urchins 
and kelp on zooplankton and whales. Sci. Rep. (in press).

 31. Christiansen, F. et al. Poor body condition associated with an unusual mortality event in gray whales. Mar. Ecol. Prog. Ser. 658, 
237–252 (2021).

 32. Torres, L. G. et al. Range-wide comparison of gray whale body condition reveals contrasting sub-population health characteristics 
and vulnerability to environmental change. Front. Mar. Sci. 9, 867258 (2022).

 33. Sullivan, F. A. & Torres, L. G. Assessment of vessel disturbance to gray whales to inform sustainable ecotourism. J. Wildl. Manag. 
82, 896–905 (2018).

https://oregonconservationstrategy.org/oregon-nearshore-strategy/
https://oregonconservationstrategy.org/oregon-nearshore-strategy/
https://doi.org/10.25923/n10e-bm23
https://doi.org/10.25923/n10e-bm23
http://www.cascadiaresearch.org/files/publications/Gray_whale_abundance_2017-Rev.pdf
http://www.cascadiaresearch.org/files/publications/Gray_whale_abundance_2017-Rev.pdf
https://doi.org/10.3389/fmars.2021.683634


13

Vol.:(0123456789)

Scientific Reports |         (2024) 14:9352  | https://doi.org/10.1038/s41598-024-59552-z

www.nature.com/scientificreports/

 34. Lemos, L. et al. Effects of vessel traffic and ocean noise on gray whale stress hormones. Sci. Rep. 12, 1–13 (2022).
 35. Scordino, J., Litovka, D., Kim, H. W., Urbán, J. & Cottrell, P. Ship strikes and entanglements of gray whales in the North Pacific Ocean, 

1924–2018: Revised. Paper SC/68B/IST/08 presented to International Whaling Commission Scientific Committee (2020).
 36. Lagerquist, B. A. et al. Feeding home ranges of pacific coast feeding group gray whales. J. Wildl. Manag. 83, 925–937 (2019).
 37. Perryman, W. L., Joyce, T., Weller, D. W. & Durban, J. W. Environmental factors influencing eastern North Pacific gray whale calf 

production 1994–2016. Mar. Mamm. Sci. 37, 448–462 (2021).
 38. Perryman, W. L., Donahue, M. A., Perkins, P. C. & Reilly, S. B. Gray whale calf production 1994–2000: Are observed fluctuations 

related to changes in seasonal ice cover?. Mar. Mamm. Sci. 18, 121–144 (2002).
 39. Coyle, K. O., Bluhm, B., Konar, B., Blanchard, A. & Highsmith, R. C. Amphipod prey of gray whales in the northern Bering Sea: 

Comparison of biomass and distribution between the 1980s and 2002–2003. Deep Res. Part II Top. Stud. Oceanogr. 54, 2906–2918 
(2007).

 40. Moore, S. E. et al. Changes in gray whale phenology and distribution related to prey variability and ocean biophysics in the northern 
Bering and eastern Chukchi seas. PLoS One 17, 1–26 (2022).

 41. Soledade Lemos, L., Burnett, J. D., Chandler, T. E., Sumich, J. L. & Torres, L. G. Intra- and inter-annual variation in gray whale 
body condition on a foraging ground. Ecosphere 11, e03094 (2020).

 42. Akmajian, A. M., Scordino, J. J., Gearin, P. & Gosho, M. Body condition of gray whales (Eschrichtius robustus) feeding on the Pacific 
Coast reflects local and basin   wide environmental drivers and biological parameters. J. Cetacean Res. Manag. 22, 87–110 (2021).

 43. Feyrer, L. J. & Duffus, D. A. Threshold foraging by gray whales in response to fine scale variations in mysid density. Mar. Mamm. 
Sci. 31, 560–578 (2015).

 44. Burnham, R. E. & Duffus, D. A. Gray whale (eschrichtius robustus) predation and the demise of amphipod prey reserves in clayoquot 
sound, British Columbia. Aquat. Mamm. 42, 123–126 (2016).

 45. Darling, J. D., Keogh, K. E. & Steeves, T. E. Gray whale (Eschrichtius robustus) habitat utilization and prey species off Vancouver 
Island, B.C.. Mar. Mamm. Sci. 14, 692–720 (1998).

 46. Hildebrand, L., Sullivan, F. A., Orben, R. A., Derville, S. & Torres, L. G. Trade-offs in prey quantity and quality in gray whale 
foraging. Mar. Ecol. Prog. Ser. 695, 189–201 (2022).

 47. Scordino, J., Bickham, J., Brandon, J. & Akmajian, A. What is the PCFG? A review of available information. In Paper SC/63/
AWMP1 Presented to the Scientific Committee of the International Whaling Commission, 1–15. (International Whaling Commis-
sion, Impington, UK, 2011).

 48. Swartz, S. L., Taylor, B. L. & Rugh, D. L. Gray whale Eschrichtius robustus population and stock identity. Mamm. Rev. 36, 66–84 
(2006).

 49. Schroeder, I. D. et al. Habitat compression indices for monitoring ocean conditions and ecosystem impacts within coastal upwelling 
systems. Ecol. Indic. 144, 109520 (2022).

 50. Bjorkstedt, E. P., Losekoot, M., Largier, J. & Tissot, B. Oceanographic context for baseline characterization and future evaluation of 
MPAs along California’ s North CoastTechnical report to California Sea Grant for Projects R/MPA‐31A, R/MPA‐31B, and R/MPA‐
31C. Technical report to California Sea Grant for Projects R/MPA‐31A, R/MPA‐31B, and R/MPA‐31C (2017).

 51. Mciver, W. R. et al. Status and Trend of Marbled Murrelet Populations in the Northwest Forest Plan Area, 2000 to 2018. USDA Forest 
Service - General Technical Report PNW-GTR  vol. PNW-GTR-99 (2021).

 52. Raphael, M. G. et al. Regional population monitoring of the marbled murrelet: Field and analytical methods. USDA Forest Service - 
General Technical Report PNW-GTR  vol. PNW-GTR-71 (2007).

 53. Strong, C. S. Decline of the Marbled Murrelet population on the Central Oregon Coast during the 1990s. Northwest. Nat. 84, 31–37 
(2003).

 54. Strong, C. S. Marbled Murrelet population monitoring at sea in conservation zones 4 and 5 during 2021. Results from Southern 
Oregon and Northern California. Annual Report to the U.S. Fish and Wildlife Service, Cooperative Agreements no. F16AC00554 and 
F20AC00148 (2022).

 55. Buckland, S. T., Rexstad, E. A., Marques, T. A. & Oedekoven, C. S. Desingning surveys in distance sampling: Methods and applica-
tions. in Methods in statistical ecology (2015).

 56. Miller, D. L., Rexstad, E., Thomas, L., Marshall, L. & Laake, J. L. Distance sampling in R. J. Stat. Softw. 89, 1–28 (2019).
 57. Stelle, L. L., Megill, W. M. & Kinzel, M. R. Activity budget and diving behavior of gray whales (Eschrichtius robustus) in feeding 

grounds off coastal British Columbia. Mar. Mamm. Sci. 24, 462–478 (2008).
 58. Jacox, M. G., Edwards, C. A., Hazen, E. L. & Bograd, S. J. Coastal upwelling revisited: Ekman, Bakun, and improved upwelling 

indices for the U.S. West Coast. J. Geophys. Res. Ocean 123, 7332–7350 (2018).
 59. Oestreich, W. K. et al. Acoustic signature reveals blue whales tune life history transitions to oceanographic conditions. Funct. Ecol. 

https:// doi. org/ 10. 1111/ 1365- 2435. 14013 (2022).
 60. Miller, D. L., Burt, M. L., Rexstad, E. A. & Thomas, L. Spatial models for distance sampling data: Recent developments and future 

directions. Methods Ecol. Evol. 4, 1001–1010 (2013).
 61. Wood, S. N. Generalized additive models: an introduction with R (CRC Press, 2017).
 62. Marra, G. & Wood, S. N. Practical variable selection for generalized additive models. Comput. Stat. Data Anal. 55, 2372–2387 

(2011).
 63. Miller, D. L. et al. dsm: Density surface modelling of distance sampling data. R package version 2.3.2. at https:// cran.r- proje ct. org/ 

packa ge= dsm (2022).
 64. Bouchet, P. J., Miller, D. L., Harris, C. M. & Thomas, L. From here and now to there and then: Practical recommendations for the 

extrapolation of cetacean density surface models to novel conditions. Technical report 2019-01 v1.0 (2019).
 65. Bouchet, P. J. et al. dsmextra: Extrapolation assessment tools for density surface models. Methods Ecol. Evol. 11, 1464–1469 (2020).
 66. R Core Team. R: A language and environment for statistical computing (2019).
 67. Bograd, S. J. et al. Climate change impacts on eastern boundary upwelling systems. Ann. Rev. Mar. Sci. 15, 1–26 (2023).
 68. Castelao, R. M. & Barth, J. A. Coastal ocean response to summer upwelling favorable winds in a region of alongshore bottom 

topography variations off Oregon. J. Geophys. Res. Ocean https:// doi. org/ 10. 1029/ 2004J C0024 09 (2005).
 69. Barth, J. A., Pierce, S. D. & Castelao, R. M. Time-dependent, wind-driven flow over a shallow midshelf submarine bank. J. Geophys. 

Res. Ocean https:// doi. org/ 10. 1029/ 2004J C0027 61 (2005).
 70. Mace, A. & Morgan, S. Biological and physical coupling in the lee of a small headland: contrasting transport mechanisms for crab 

larvae in an upwelling region. Mar. Ecol. Prog. Ser. 324, 185–196 (2006).
 71. Mallonée, J. S. Behaviour of gray whales (Eschrichtius robustus) summering off the northern California coast, from Patrick’s point 

to Crescent City. Can. J. Zool. 69, 681–690 (1991).
 72. Sullivan, R. M., Stack, J. D. & Houck, W. J. Observations of gray whales (Eschrichtius robustus) along Northern California. J. Mamm. 

64, 689–692 (1983).
 73. Yokomizo, H., Botsford, L. W., Holland, M. D., Lawrence, C. A. & Hastings, A. Optimal wind patterns for biological production 

in shelf ecosystems driven by coastal upwelling. Theor. Ecol. 3, 53–63 (2010).
 74. Dawn, A. H., Hildebrand, L., Sullivan, F. A., Barlow, D. R. & Torres, L. G. Intermittent upwelling impacts zooplankton and their 

gray whale predators at multiple scales. Mar. Ecol. Prog. Ser.
 75. Strong, C. S. & Duarte, A. Reproductive indices of Common Murres Uria aalge and Marbled Murrelets Brachyramphus marmoratus 

indicate murrelets are more resilient during poor years. Mar. Ornithol. 51, 187–194 (2023).

https://doi.org/10.1111/1365-2435.14013
https://cran.r-project.org/package=dsm
https://cran.r-project.org/package=dsm
https://doi.org/10.1029/2004JC002409
https://doi.org/10.1029/2004JC002761


14

Vol:.(1234567890)

Scientific Reports |         (2024) 14:9352  | https://doi.org/10.1038/s41598-024-59552-z

www.nature.com/scientificreports/

 76. Avery, W. E. & Hawkinson, C. Gray whale feeding in a Northern California estuary. Northwest Sci. 66, 199–202 (1992).
 77. Torres, L. G., Nieukirk, S. L., Lemos, L. & Chandler, T. E. Drone up! Quantifying whale behavior from a new perspective improves 

observational capacity. Front. Mar. Sci. 5, 319 (2018).
 78. Newell, C. L. & Cowles, T. J. Unusual gray whale Eschrichtius robustus feeding in the summer of 2005 off the central Oregon Coast. 

Geophys. Res. Lett. https:// doi. org/ 10. 1029/ 2006G L0271 89 (2006).
 79. Wang, D., Gouhier, T. C., Menge, B. A. & Ganguly, A. R. Intensification and spatial homogenization of coastal upwelling under 

climate change. Nature 518, 390–394 (2015).
 80. Sydeman, W. J. et al. Climate change and wind intensification in coastal upwelling ecosystems. Science (80-) 345, 77–81 (2014).
 81. Rykaczewski, R. R. et al. Poleward displacement of coastal upwelling-favorable winds in the ocean’s eastern boundary currents 

through the 21st century. Geophys. Res. Lett. 42, 6424–6431 (2015).
 82. Pirotta, E. et al. Assessing variation in faecal glucocorticoid concentrations in gray whales exposed to anthropogenic stressors. 

Conserv. Physiol. 11, coad082 (2023).

Acknowledgements
This study was funded by the Oregon Gray Whale License Plate funds awarded through the Marine Mammal 
Institute at Oregon State University. We are grateful to Crescent Coastal Research and the many marbled murrelet 
field team members that contributed to this rich and extensive dataset over the years. Carrie Bretz of the Seafloor 
Mapping Lab at California State University Monterey Bay provided the benthic substrate data for California. 
Len Thomas, Eric Rexstad, Jason Roberts, and Solene Derville provided technical advice on density surface 
modeling methods. We are grateful for the thoughtful oceanographic expertise provided by Jack Barth, and wish 
to thank Lisa Hildebrand and Allison Dawn for key discussions that helped us formulate and contextualize the 
ideas presented in this study.

Author contributions
DRB contributed to the study design, led data analysis and visualization, and led the writing of the manuscript. 
CSS acquired funding for data collection, led data collection in the field, processed and curated the survey data, 
and contributed to the writing of the manuscript. LGT conceived of the study, acquired funding for this study, 
advised on data analysis and interpretation of results, and contributed to the writing of the manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https:// doi. org/ 
10. 1038/ s41598- 024- 59552-z.

Correspondence and requests for materials should be addressed to D.R.B.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

© The Author(s) 2024

https://doi.org/10.1029/2006GL027189
https://doi.org/10.1038/s41598-024-59552-z
https://doi.org/10.1038/s41598-024-59552-z
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Three decades of nearshore surveys reveal long-term patterns in gray whale habitat use, distribution, and abundance in the Northern California Current
	Methods
	Study area
	Field methods
	Density surface modeling
	Detection function
	Environmental data
	Spatial model fitting

	Assessment of long-term patterns in gray whale abundance

	Results
	Survey effort
	Density surface models
	Gray whale abundance over time

	Discussion
	References
	Acknowledgements


